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Abstract

This article proposes an algorithmic approach for multiple attribute group decision mak-
ing (MAGDM) problems using interval-valued intuitionistic fuzzy soft matrix (IVIFSM)
and confident weight of experts. We propose a novel concept for assigning confident
weights to the experts based on cardinals of interval-valued intuitionistic fuzzy soft sets
(IVIFSSs). The confident weight is assigned to each of the experts based on their pre-
ferred attributes and opinions, which reduces the chances of biasness. Instead of using
medical knowledgebase, the proposed algorithm mainly relies on the set of attributes pre-
ferred by the group of experts. To make the set of preferred attributes more important, we
use combined choice matrix, which is combined with the individual IVIFSM to produce
the corresponding product IVIFSM. This article uses IVIFSMs for representing the ex-
perts’ opinions. [IVIFSM is the matrix representation of IVIFSS and IVIFSS is a natural
combination of interval-valued intuitionistic fuzzy set (IVIFS) and soft set. Finally, the
performance of the proposed algorithm is validated using a case study from real life.

1 Introduction

Molodtsov [1] introduced soft set theory as a
generic mathematical tool for dealing with uncer-
tain problems, which cannot be handled using tra-
ditional mathematical tools such as theory of prob-
ability [2], theory of fuzzy sets [3], rough set theory
[4], and the interval mathematics. All these theories
have their own inherent difficulties due to the inade-
quacy of the parameterization. Molodtsov’s soft set
[1] is free from such kind of difficulties, which can
be used for approximate description of objects with-
out any restriction. Due to this absence of restric-

tion on the approximate description, soft set theory
has been emerging as a convenient and easily appli-
cable tool in practice.

Since its introduction, soft set theory has been
successfully applied in many different fields such
as decision making [5-12], data analysis [13], fore-
casting [14], simulation [15], optimization [16],
texture classification [17], etc. Maji et al. [18] pre-
sented some operations for soft sets and also dis-
cussed their properties. They presented the con-
cept of fuzzy soft set (FSS) [19] which is based on
a combination of the fuzzy set and soft set mod-
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els. Yang et al. [20] introduced the concept of the
interval-valued fuzzy soft set (IVFSS) by combin-
ing the interval-valued fuzzy set and soft set and
then explained a decision making algorithm based
on IVFSS. Decision making problems were solved
first by Maji and Roy [11] using soft sets. They [12]
studied a soft set theoretic approach to deal with de-
cision making and introduced the concept of choice
value. Combining soft set [1] with intuitionistic
fuzzy set [25, 33], Maji et al. [21-23] introduced
the concept of intuitionistic fuzzy soft sets (IFSS).
The suitability of IFSS for the decision making ap-
plications is found in [24]. Das and Kar [31] pro-
posed an algorithmic approach for group decision
making based on IFSS. The authors [31] have used
cardinals of IFSS as a novel concept for assigning
confident weight to the set of experts. Cagman and
Enginoglu [6-7] pioneered the concept of soft ma-
trix to represent a soft set. Mao et al. [30] pre-
sented the concept of intuitionistic fuzzy soft ma-
trix (IFSM) and applied it in group decision making
problems. Jiang et al. [26] introduced IVIFSS by
combining interval-valued intuitionistic fuzzy set
and soft set and discussed their properties. Jiang
et al. [9] presented an adjustable approach to IFSS
based decision making by using level soft sets of
IFSSs. Feng et al. [27] extended the level soft sets
method to interval-valued fuzzy soft sets. Qin et
al. [28] generalized the approaches introduced by
Feng et al. [27] and Jiang et al. [9]. They [28] de-
fined the notion of reduct IFSSs and presented an
adjustable approach for decision making based on
IVIFSS. Zhang et al. [29] investigated the decision
making problems based on IVIFSS. They [29] de-
veloped an adjustable approach to IVIFSSs based
decision making using level soft sets. Recently, Das
et al. in [32] have introduced IVIFSM and applied
it to multiple attribute decision making problems.
Das and Kar [34-35] have also introduced the con-
cept of intuitionistic multi fuzzy soft set (IMFSS)
and hesitant fuzzy soft set (HFSS) and applied them
in decision making problem.

Preceding discussion narrates that a few de-
cision making approaches [26, 28, 29, 32] have
been developed by the researchers in the context
of IVIFSS. In [26], Jiang et al. introduced IV-
IFSSs and discussed their various operations and
properties. In [28], authors presented an adjustable
approach to IVIFSS based decision making using
reduct IFSS and level soft sets of IFSS. Zhang et al.

in [29] developed an adjustable approach to IVIFSS
based decision making. They [29] also defined the
concept of the weighted IVIFSS, where they em-
phasized the importance of the parameters in IV-
IFSS. Then they presented a decision making ap-
proach using weighted IVIFSS. Authors introduced
IVIFSM in [32] and studied a novel algorithmic ap-
proach focussing on the choice parameters of dif-
ferent experts. Since decision makers/experts ex-
press their opinions based on the available infor-
mation and domain of expertise of different experts
are different, so a prioritising mechanism of various
experts are necessary to introduce a quality deci-
sion making paradigm. Due to lack of information
or limited domain knowledge, experts often prefer
to express their opinions only for a subset of at-
tributes instead of the entire set of attributes. As
a result, some decision makers may express their
opinions to more numbers of attributes, while others
show their interest only for a few attributes. Nor-
mally, more importance can be assigned to those
experts who encompass more attributes. In an-
other case, an expert who is more confident about
some set of attributes can be assigned more impor-
tance. For having better decision making outcome
in MAGDM problems, importance or weight of var-
ious decision makers imparts a huge significance in
the entire process. But as per our knowledge, this
mechanism can be found only in [31], where au-
thors have used a novel concept in terms of confi-
dent weight assigning mechanism of experts in the
framework of IFSS. None have implemented the
idea presented in [31] for group decision making us-
ing IVIFSS. Motivated by this idea, we have intro-
duced a MAGDM algorithm using confident weight
assigning of experts in the context of IVIFSS. The
proposed algorithm mainly focuses on the choice
parameters/attributes of various experts and com-
putes the confident weight of an expert based on
her prescribed opinions. We have used cardinals
of IVIFSS for measuring the weight. The proposed
confident weight also reduces the chance of biasing.
Once the weights are assigned to individual experts’
opinions, this article present a consensus reaching
approach based on IVIFSM, combined choice ma-
trix, product IVIFSM, score, and accuracy values.
We have used a case study related to heart dis-
ease diagnosis, where two cases are shown. Case
I shows the final outcome without assigning any
weight, whereas case II shows the result by assign-
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ing weight. As per the experimental result, these
two cases show different ordering of diseases.

Rest of this article is organized as follows. In
section 2, we briefly review some basic notions and
background of soft sets, FSSs, IVFESSs, IVIFSSs,
and IVIFSMs. Section 3 presents IVIFSM and a
few operations on it. The cardinal of IVIFSS is in-
troduced in section 4 followed by the proposed al-
gorithmic approach in section 5. A case study has
been illustrated in section 6 to verify the practicabil-
ity and effectiveness of the proposed method. Then
a brief discussion on the results is given in section
7. Finally, key conclusions are drawn in section 8.

2 Preliminaries

This section briefly reviews some basic concepts re-
lated with this article.

2.1 Soft Set

Let U be an initial universal set and E be a
set of parameters. Let P(U) denotes the power set
of U and A C E. A pair (Fiuy,E) is called a soft
set [1] over U, where Fi4) is a mapping given by
Fiay 1 E — P(U)such that Fjy)(e) =0 if e ¢ A. In
other words, a soft set over U is a mapping from
parameters to P(U), and it is not a set, but a param-
eterized family of subsets of U. For any parameter
e € A,Fi4y(e) may be considered as the set of e-
approximate elements of the soft set (Fi43,E). For
illustration, let us consider the following example.

Example 1. Let U be the set of five diseases (Vi-
ral fever, Malaria, Typhoid, Gastric ulcer, Pneumo-
nia) given by U = {d,,d,,d3,ds,ds} and E be the
set of five symptoms given by E= {Temperature,
Headache, Stomach pain, Cough, Chest pain}
={s1,52,53,54,55 }.

Let A = {s1,52,53} C E. Now consider that
Fa) is a mapping given by, Fiu (s1) = {d1,da},
Fiay (s2) = {d1,d3}, Fiay (s3) = {d2,da}.

Then the soft set (Fiy,E) = {(s1,d1,d2),
(Sg,d] 7d3)’(537 {d27d4}) ) (547 {0}) ) (857 {0}) : A
fuzzy soft set can also be represented in the form
of a two dimensional table. Table 1, given below,
represents the soft set (Fja},E).

Table 1. Tabular representation of (F4y,E)

U / E | s ) 53 S4 S5
d; 1 1 0 0 0
d> 1 0 1 0 0
ds 0 1 0 0 0
dy 0 0 1 0 0
ds 0 0 0 0 0

2.2 Fuzzy soft set

Let U be an initial universe and E be a set of
parameters (which are fuzzy variables). Let FS(U)
denotes the set of all fuzzy sets of U and A C E.

A pair (ﬂA},E) is called a fuzzy soft set (FSS)
[19] over U, where I?{A} is a mapping given by
Fiay - E — FS(U) such that Fisy(e) = 0if e ¢ A
where 0 is null fuzzy set.

A fuzzy soft set is a parameterized family of
fuzzy subsets of U. Its universe is the set of all fuzzy
sets of U, i.e., FS(U). A fuzzy soft set can be con-
sidered a special case of a soft set because it is still
a mapping from parameters to a universe. The dif-
ference between fuzzy soft set and soft set is that in
a fuzzy soft set, the universe to be considered is the
set of fuzzy subsets of U.

Example 2. Let U and E remain same as in Ex-
ample 1.

Here A = {s1,52,53,55} C E. Let
Fiay (s1) = {d1/0.2,d>/0.4,d3/0.9,d4 /0.7},

Flay (s2) = {d2/0.8,d3/0.1,d4/0.7} ,
Fiay (s3) = {d1 /0.6,d2/0.2,d5 /0.8}

and

Fiay (s5) = {d1/0.6,d2/0.7,d3/0.5,ds /0.8} .

Then the fuzzy soft set is given by

—~

S1, {dl /027d2/047d3/097d4/07}) )
52, {d2/087d3/017d4/07}) )

53, {dl /067d2/027d3/08}) )
547{0}) )

S5,{d1 /0.6,d2/0.7,d3/0.5,d4/0.8})

—~ o~

(I/;\'{A}7E):

—~

Tabular representation of the fuzzy soft set (I?{ Ay E)
is shown in Table 2.
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Table 2. Tabular representation of (1/7\{ ay-E)

U/E S1 kY $3 S4 S5
di 0210 06 |0 0.6
d; 041081020 0.7
ds 091010810 0.5
dy 0710710 0 0.8
ds 0 0 0 0 0

2.3 Intuitionistic fuzzy soft set (IFSS)

Let U be an initial universe and E be a set

of parameters. Let IFS (U) denotes the set of
all intuitionistic fuzzy sets of U and A C E. A
pair (}?{A}, ) is called an intuitionistic fuzzy soft
set (IFSS) [22] over U, where F{A} is a mappmg
given by, F{A} E — IFS(U) so that F{A}( e) = 0
if e ¢ A, where 0 is null intuitionistic fuzzy set,
i.e., the membership value of x, u(x) = 0; the non-
membership value of x, v(x) = 1 and the indeter-
ministic part of x, T(x) = 0, Vx € 0.

Example 3. Let U, A and E are same as in Example
2. Let us take

Fiay (s1) ={d/(0.2,0.5),d>/(0.4,0.3),d5/(0.9,0.1),d4/(0.7,0.2) },

Fiay (s2) ={d>/(0.8,0.2),d5/(0.1,0.8),d4/(0.7,0.2)} ,

Fiay (s3) ={d,/(0.6,0.3),d>/(0.2,0.6),d3/(0.8,0.1)} ,and

Fiay (ss) ={d,/(0.6,0.1),d>/(0.7,0.2),d3/(0.5,0.2),ds/(0.8,0.2) }.

Then the IFSS is given below.
(s1,{d1/(0.2,0.5),d>/(0.4,0.3),d5/(0.9,0.1),d4/(0.7,0.2)}),
(52,{d2/(0.8,0.2),d3/(0.1,0.8),d4/(0.7,0.2) }),
(Fay,E) =1 (53, {d1/(0.6,0.3),d2/(0.2,0.6),d3/(0.8,0.1)}),

S4

(ss, {dl/(06 0.1),d»/(0.7,0.2),d3/(0.5,0.2),d4/(0.8,0.2)})

Tabular representation of the TFSS (}?{A},E ) is
shown in Table 3.

Table 3. Tabular representation of (I?{ ay-E)

U/E 51 52 §3 S4 A
di (0.2,0.5) 0 (0.6,0.3) | 0 | (0.6,0.1)
d, |(04,0.3) | (0.8,0.2) | (0.2,0.6) | O | (0.7,0.2)
dz |(0.9,0.1) | (0.1,0.8) | (0.8,0.1) | 0 | (0.5,0.2)
di | (0.7,02) | (0.7,0.2) 0 0 | (0.8,02)
ds 0 0 0 0 0
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2.4 Interval-valued intuitionistic fuzzy soft
set (IVIFSS)

Let U be an initial universe and E be a set of
parameters. [VIF (U) denotes the set of all interval-
valued intuitionistic fuzzy sets of U. Let A CE. A
pair (I?{ ay,E) is an IVIFSS [26] over U, where I?{ A}
is a mapping, given by

F(e) =

{< . i) () () (] V(e (), V

Fiay 1 E — IVIF(U).

An IVIFSS is a parameterized family of
interval-valued intuitionistic fuzzy subsets of U.
Thus, its universe is the set of all interval-valued
intuitionistic fuzzy sets of U, i.e., IVIF (U).

Ve € A, F(g)

is an interval-valued intuitionistic fuzzy set of U.
F () is expressed as:

Fe)(X)] > [xeX}.

Example 4. Let U, A and E are same as in Example
3. Let us take

A= (o2 ) (o) o (578 o (6583 ))
Rt ={as (0705 ) ( Grony )/ (a0 )}
foor = o ({52303 ) (03 ) o (6203 )}
o ={ar (G307 ) (9300 ) (63080 ) (6703}
Then the IVIFSS is given by
(OBt ol i e Rl (23))
. <2’ {; i 0507 >’; ( 0203 ) ;4/( &95,5?5))}) |

] P 02,03) ) (0.6,07) ) (01.02) ) )

(5.9).

(o (2592 Yo (838 . 0303 )4 (o105 )f)

Tabular representation of the
shown in Table 4.

IVIFSS (Fiuy,E)is
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Table 4. Tabular representation of (I?{ ay-E)

U/JE 51 52 53 54 55
o | (G509 )| ° |(ozom)|°|(foron )
& | ({os0a) | (oron ) | (aon ) 10| (0209 )
o | (ovos )| Clorony )1 (oson ) o (©0305))
| (foson) | (o3on) | o o[ (foroy)
ds 0 0 0 0 0

3 Interval-valued Intuitionistic

Fuzzy Soft Matrix

Let (I?'{ 4y, E) be an IVIFSS over the initial uni-
verse U. Let E be a set of parameters andA C E.

e @ 0 AVE
97 0 ipera”

F = Hu'
asa;j = [{/J Foay (e

Then a subset of U x E is uniquely defined by
Ry ={(u,e):ecAuc I?{A}(e)},which is called a
relation of (1/7\{ 4y, E). The membership function of
R4 is written as ug, : U x E —Int([0,1]) and de-
fined by

(0¥ @)]if €A

F{A} e)

where Int([0,1])stands for the set of all closed
; [ r
subintervals of [0, 1]. [,qu (e)(“)’“fA (e)(u)] and

! r : : }
[v Fo(© (u),v Fo© (u)] are respectively the interval
valued intuitionistic fuzzy membership and non-
membership degrees of the object u associated with

the parameter e.

LetU = {x1 3 X2y
simplicity, if we take the [ij]""

Xm} and E = {e},ea,...,e,}. For
entry of the relation

e OV Ve )

then the matrix is defined as

app daiz - dip
R axy axy -+ any
[aij]mxn: . .

aml Am2 - Amn

The above matrix is called an IVIFSM [32] of order
m x n corresponding to the IVIFSS (Fi4y,E) over
U.

Example 5. The IVIFSM corresponding to Example
4 is given below.



MAXIMISING ACCURACY AND EFFICIENCY OF... 63
(oma) (00) (bsem) (69 (85e3)
(oxen ) (omed) (bao) (0) (383
@i=| (foron ) ((r0s ) (¢ 8?83 ) (o) (0203 )
(o50m ) (fo20m ) ({00 > (00 ) (foron )
(om) (o) (oo (a0 (om)
31 ﬁ;‘:‘rﬁi Matrix and Combined Choice ' | /< both indicate parameters. If B is a

Choice Matrix is a square matrix whose rows

{

_ [,

B(i, /)"

choice matrix, then its element B(i, j) is defined as
follows:

1) when i™ and j" parameters are the choice pararneters of both the decision makers
(0, 0),(0,0) otherwise, i.e., when at least one of the i and j parameters is not the choice

"of the decision makers.

If A = [Gij]mxn and =

Cik =

Bklnxp thenXB:

[max’;_, min{yé] : ,ulA } max’;_, min{,ugj yTA

[min’;_ lmm{vl Vl }mmj 1m1n{vA A

In combined choice matrix, rows indicate
choice parameters of single decision maker, where
columns indicate combined choice parameters (ob-
tained by the intersection of their parameters sets)
of decision makers.

3.2 Product of IVIFSM and Combined
Choice Matrix

Product of IVIFSM and combined choice ma-
trix is possible if the number of columns of IVIFSM
A be equal to the number of rows of the combined
choice matrixB. Then A and B are said to be con-
formable for the product (A ® B) and their prod-
uct (A ® ) is called product IVIFSM. The product
(A ® ) is also denoted simply by A[3

[Cit]m>p,

where

H,
]

Bk
B

Example 6. Example for the product of IVIFSM
and combined choice matrix is shown in Step 5 of
both the case studies, explained in Section 6.
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3.3 Addition of IVIFSMs

Two IVIFSMs A and B are said to be con-
formable for addition, if they have the same order

A~

[cij] = [aij] ®[bij], where ¢;j =

r
aijj

(C/l\ij)%xn - [('uilij>c’ (‘ugi.i)c] ’ Kvlaif)c’ (V

[ max {,uél.j,/lf,ij}, max {ug, 1y, 3,
[min {Vflij,\/f,ij}, min {Vziﬂv;;ij }]

and after addition, the sum is also an IVIFSM of
the same order. Now if both A = (g ;) and B = (b; i)
be the same order m X n, then the addition of A and
B is denoted by A® B and is defined by

Vi, j

Example 7. Example for the addition operation is
shown in Step 6 of of both the case studies, ex-
plained in Section 6.

3.4 Complement of IVIFSM

Complement of an IVIFSM () mx» is denoted
by (@i} )xn,Where (aij)mxnis the matrix representa-
tion of the interval-valued intuitionistic fuzzy soft
set (I?{A},E ). (@ij)5 ., i the matrix representation
of the interval-valued intuitionistic fuzzy soft set
(ff{A},E)and is defined as

¢ r [ r l
) ] = (1=t =ty ) (1 =V, 1= Vg, |

4 Cardinal Set of IVIFSS and Car-
dinal Score

The cardinal set of IVIFSS (I?{ 4y, E) is denoted
by (Cf/':{A},E) and defined by

o _ / r l r .
(cFa ) =Ky (st (LN (V7 ()]bxixeE},
It is an interval-valued intuitionistic
fuzzy set over E. The membership function
[,ulCﬁ{A} (x), ,uZﬁ{A}(x)] and non-membership function
[Vif{/,} (x),vZﬁ{A}(x)] of (cﬁ{A},E) are respectively
defined by
[ ZdeU.UlA (d) Yacuty (d)
! Fay r Fiay
~ (x) = ~ (x)= VxeE
Hep, &) U Ay ) U]
a;ld
[ Yaeu Ve (d) Yacu Vs (d)
! Fay r Flay
~ (x ~ (x)= VxeE
CF{A}( ) U | ’ CF{A}( ) U |
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Table 5. Cardinal set of IVIFSS
E X1 X2 Xy,
. .Uil? (-xl)nuzﬁ (x1> .Uif (XZ)HUZI? (Xz) :UICF (xn)“u(r:ﬁ (xn)
CF{A} / {A} . {A} y {A} . {A} {A} " {A}
VC}/‘:{A} (X]),VCI?{A} ()C]), VC}/‘:{A} (XQ),VCI?{A} (.Xz), V(,F'{A} ()C )7vcf‘,:{A} (Xn),

Here |U |is the cardinality of the universe U.

The sets of all cardinal sets of IVIFSS (I/V\{A},E)
over U is denoted by cIVIFS(E). Let
Fiay € IVIFS(U), cFy € cIVIFS(U).E =

Ifarj= ({ulg,, ()bl GDL Vg () V0 ()))

j = 1,2,...,n, then the cardlnal
uniquely characterized by a matrix [a;],,, =
[ai1 ajz ... ajy],which is called the cardinal matrix

for set is

{x1,%2,...,x, },and A C E, then cF (4)is presented  of the cardinal set cl?{A}over E.
in Table 5. Cardinal score [36] of a cardinal set cﬁ{A} is de-
noted by S(cl?{ 4y) and defined as
1 r r
S(cF, (ay)= 2 <x§1:5'uCF{A} )+x§g‘ufﬂ 4} ;Ech{A} g XEZVCF{A} (X)> '
Example 8. Suppose the IVIFSM [P, (i, j)]sxsfor
IVIFSS (ﬁ{pl},E ) is as given below.
(0.3.0.7), (0.3,0.4), (0.5,0.6), (0.5,0.6), (0.0,0.0),
((0.1,0.2) ) ((0.4,0.5) ) <(o.2,0.4) > ((0.2,0.4) ) <(0.0,0.0) >
(0.4,0.5), (0.3,0.7), (0.3,0.6), (0.3,0.7), (0.0,0.0),
((0.3,05) ) <(0.2,0.3) > ((0.1,0.3) ) ((0.1,0.2) ) <(o.o,o.0) >
Pr(i 1= (0.3,0.6), (0.4,0.6), (0.4,0.6), (0.4,0.6), (0.0,0.0),
{Pili )} = ((0.3,04) > ((0.2,0.3) ) <(0.2,0.4) > ((0.2,0.4) > ((0.0,0.0) ) :
(0.4,0.8), (0.2,0.5), (0.2,0.5), (0.2,0.5), (0.0,0.0),
((0.1,0.2) > ((0 3,0.4) ) ((0.3,0.4) ) ((0.3,0.4) ) ((0.0,0.0) )
(0.3,0.5), (0.2,0.3), (0.2,0.3), (0.3,0.4), (0.0,0.0),
((0.2,04) ) <(0.4,0.7) ) ((0.5,0.6) > ((0.4,0.5) ) ((0.0,0.0) )
then

CF{PI}(XI) (0.3+0.4+0.340.4+0.3)/5=0.34
CF{P (1) = (0.7+0.540.6+0.8+0.5)/5=0.62
CF{P (@)= (0140340.3+0.1+0.2)/5=0.2

(x1) = (0.240.5+0.4+0.240.4)/5=0.34

CF{PI }
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!

Febay

_ r _ 1 _ r _
(XQ) = 0.28, ,UCI?{A} ()Q) = O'S’ch{A} ()Q) = O'S’Vcl?{A} ()Q) =0.44

E [ _ r _ [ — r —
Similarly, ¢ . (x3)=0.32, M (x3) = 0.52,\/01%} (x3) = 0'26’Vcﬁw (x3) =0.42

cFlyy

[ _ r _ l — r —
M ()C4) =0.3, ‘ucl?{A} (X4) = 0.56,VC]?{A} <X4) = 0.24,\/61?“} (X4) =0.38

cFlyy

Cardinal matrix of the IVIFSM [pi(i,j)]sxsis [pi(i,))];ys = a1 a2 ... ais], where

. (0.34,0.62) (0.28,0.5)
Pii Dl = K (0.2,0.34) ) ( (0.3,0.44)

) (Gazosny (a0 ) (8]

Cardinal score S (cf{ Ay) is

S(CF{A}> = % <erE.Ulda{A}

=1(3.44-2.58) =0.43

5 Algorithmic Approach

The steps for the proposed approach are given
below.

Step 1: Opinions of a set of experts / decision
makers P = {py, pa,..., pr} for a given set of alter-
natives D = {d,,d>, ...,d,} and a set of attributes
S = {s1,82,...,s,} are represented using interval-
valued intuitionistic fuzzy soft matrices.

Step 2: Cardinal matrix of each IVIFSM is ex-
plored and then cardinal score is computed.

Step 3: Cardinal score is multiplied with the cor-
responding IVIFSM to produce the normalized IV-
IFSM. Let [a(ij)]mxn be an IVIFSM and cardi-
nal score is &, then the normalized IVIFSM, de-
noted by Nprsy, is defined byN,VIFSM[a(ij)] =
[h*?z(ij)]mxn,for i=1,2,...mand j=1,2,....n.

Step 4:  Choice matrix B(i, j)"and combined
choice matrix B(i, /)¢ of each of the decision
makersP = {py, p2, ..., px } are computed in the con-
text of interval-valued intuitionistic fuzzy set based
on their choice parameters / attributes.

Step 5: Product IVIFSM (Pyyrsy) for each deci-
sion maker is calculated by multiplying the normal-
ized IVIF SMwith its combined choice matrix.

p
()C) + ZxGE;ucﬁ{A}

(X) - erE vl 2

_ r
CF{A} ('x) ZXGE Vo=

)

Step 6: Summation of these product IVIFSMs is
the resultant IVIFSM (Ryyirsy)-

Step 7: Weight W (d;) of each alternative d;{i =
1,2,...,m} is estimated by adding the membership
and non-membership values of the entries of the re-
spective row (i’ row).

Step 8:Vd; € D, compute the score S(d;) of d;, such
that,

S(dy) = {(h =V) + (1 =V} /2, d; € D Vi.

Step 9: If S(d;) > S(dj) Vd; € D, then
alternatived;is selected. If 3, such that,S(d;) =
S(dj), where i # j for highest score value, then de-
cision is made according to their accuracy values as
described in step 10.

Step 10: Accuracy value H(d;), i = 1,2,...
defined as

,m, is

H(d) = {(t+V) + (i +V])} /2. d; € DV

If H(d;) > H(d;) Vj for which S(d;) = S(d;), de-
fined in Step 9, alternative d; is selected. If H(d;) =
H(dj)for any j, then d;and d; both are selected.
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6 Case Study

Let D = {d,,d,d3,ds,ds} be the set of five
stages of heart disease (Stage ‘I’, Stage ‘II’, Stage
‘II’, Stage ‘IV’, and Stage ‘V’). Patients belong-
ing to Stage ‘I’ are assumed not to be affected by
heart disease. Patients belonging to Stage ‘II’ are
in initial stage, patients belonging to Stage ‘Il are
in more unsafe stage than in stage ‘II’ and so on.
Patients belonging to Stage ‘V’ are in the last stage
of heart disease which is unrecoverable. Let E be
the set of five symptoms (Chest pain, Palpitations,
Dizziness, Fainting, Fatigue) given by

E = {51,52,53,54,55} .
Suppose that a group of three experts

P={p1,p2,p3}

are monitoring the symptoms of a patient as per
their knowledgebase to reach a consensus about
which stage is more likely to appear for the patient,
where expert p; is aware of symptoms (s, 2, $3,
s4), p2 is aware of symptoms (s1s2,53,55), and p3
is aware of symptoms (s;,s2,54,55). According to
the symptoms or parameters observed by the three
experts, we assume to have the information in IV-
IFSSs

(1/5{171}7E)’ (I?{Pz}’E)’
and
(ﬁ{m} E)
for experts pi, p2, and p3 respectively.
Let the IVIFSMs of the IVIFSSs

(Fip) E). (Fipo) E). (Fipe) E)

are respectively,

(o) Clatos ) (oand) (6a0d) (lonon)
(foxos ) ( 0301 ) ( 0105 ) ( 0102 ) (Gooor)
ein=| (o309 ) (10305 ) (0209 ) (G209 ) (oooo ) |
E 58:1‘:8:% ; E ES:?:S:%’ ; E §8:§:8:i§’ ; E Egiiigiig’ 3 E §8:8:8:8§’ ;
0.3,0.5), 0.2,0.3), 0.2,0.3), 0.3,0.4), 0.0,0.0),
(0.2,0.4) (0.4,0.7) (0.5,0.6) (0.4,0.5) (0.0,0.0)
(osoa) Cososy) (food ) (laoon ) (303 )
<Eoi3:0:5§7> (50:2:0:337> <§0:§:0:§’> <Eo'o’003’> (EO;ZO#?)
o=, (aand ) (otoa) ) (203 ) (oo ) (o2os) ) |
0.2,0.6), 0.5,0.7), 0.3,0.6), 0.0,0.0), 0.5,0.6),
(G ()
(0.3,0.5), (0.2,0.7), (0.0,0.0), (0.3,0.6), (0.2,0.4),
g i ; E ot ; E T § E o % Eés:s;g-s;, )>
| P 0s0md 0500, [ 00004 [ 0500, [ @406
{ps(i.0)} ((0.1,0.3) ) <(0.3,0.4) > <(0.0,0.0) ) ((0.3,0.4) > ((0.3,0.4) )
(loa03 ) (loa03) (oonor) (oaoy ) (oioe)
(G302 ) (a0 ) (Sosor) (xoar) (oaodr)
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Here i (1,2,...,5) is used to represent an alter-
native, i.e., a stage of heart disease and the indices
j» k 1 (1,2,...,5) are used for attributes, i.e., symp-
toms. These are the input information, given by the
experts.

In this case study, we consider two cases. In the first
case, we use non-normalized IVIFSM and normal-
ized IVIFSM in the second case.

s%pzAm}
(L)) (L)) (0,00, (0,0} ((1,1),
(a) (o) (Gor) Loy (o)
(L)) (L)) (0,00, ((0,0),) ((1,1),
(a) (n) L) (o) (6]
(L)) (L)) (0,00, ((0,0),) ((1,1),
S [(1,1)] [(l,l)j ((0,())] [(0,0>j ((l,l)j
(o) o) o) [eo) (6]
(1,1) (1,1) (0,0) (0,0) (1,1)
[ony) L) Lom) (o) (o))
(0,0) (0,0) (0,0) (0,0) (0,0)
s%plApﬂ
(o) (o) leor) (@) (ony)
(1,1) (1,1) (0,0) (1,1) (0,0)
(o) () leor) (@) (ony)
(1,1) (1,1) (0,0) (1,1) (0,0)
(L), (1)) (0,00, ((1,1),) ((0,0),
S [(1,1)] ((1,1>] ((om] ((u)j [(o,mj
(0,0),) ((0,0),) ((0,0),) ((0,0),) ((0,0),
(o) (o) (o) (Goy) (Gor)
(L1),) (LD, (0,00,) ((1L,1),) ((0,0),
L) (6] (o) (hay) [ooy)
SipiApyt
(L)L) (L)) (L)) (€0,0),) ((0,0),
{(l,l)j [(Ll)j [(11)j ((0,0)) {<0,0>)
(L)L) ((L1),) (L)) (€0,0),) ((0,0),
((1,”) {(l,l)j [(u)j ((0,0)) {<0,0>)
(0,0),) ((0,0),) ((0,0),) ((0,0),) ((0,0),
S ((0,0)] {<0,0)j ((0,0)j [(0 0)) {(om)
(1) (65) (53 (68) (33
(1,1) (1,1) (1,1) (0,0) (0,0)
(L1),) ((1L),) (L)) (€0,0),) ((0,0),
((1,1)j ((l,l)j ((H)j ((0,0>) {<0,0)j

Case 1: It uses non-normalized IVIFSMs as input.

[Step 2 & Step 3]: These steps are not applicable
in Casel.

[Step 4] The combined choice matrices for p1, p2,
and p3 are respectively
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[Step 5] The product (as per the rule of multipli-
cation of IVIFSMs) of IVIFSMs (non-normalized)
and combined choice matrices are given below.

(03.0.7).) ((03.04).) ((05.0.6).) ((0.5.06).) ((0.0.0.0,
((0.1,0.2)} ((0.4,0.5)) £(0.2,0.4)j ((0.2,0.4)] [(0.0,0.0)
(04,0.5).) ((03.0.7).) ((03.0.6).) ((03.0.7).) ((0.0.0.0,
((0.3,0.5)} ((0.2,0.3)) ((0.1,0.3)} [(01,0.2)} ((0.0,0.0)
1((03.0.6).) ((04.0.6).) ((0.40.6).) ((040.6).) ((0.0.0.0)
@ ((0.3,0.4)) ((0‘2,0.3)] [(0.2,0.4)} [(0.2,0.4)} ((0.0,0.0)
(04,0.8).) ((0.2.0.5).) ((02.0.5).) ((0205).) ((0.0.0.0),
((0.1,0.2)) ((0.3,0.4)} ((0.3,0.4)) ((0.3,0.4)) ((0.0,0.0)
(03.0.5).) ((0.2.03).) ((02.03).) ((03.04).) ((0.0.0.0,
((02,04)) ((0.4,0.7)} ((0.5,0.6)] ((0405)) E(o.o,o.c»)

(0.3,0.5), (0.5,0.6), (0.2,0.5), (0.0,0.0), (0.5,0.7),
((0304)] ((oso@j ((0304)] ((0000>](<0203)J
(0.4,0.5), (0.4,0.7), (0.3,0.5), (0.0,0.0), (0.4,0.5),
((MOS)] ((ozonj ((ozoaj ((0000)] (<oso4>]

. (0.3,0.6), (0.7,0.8), (0.2,0.4),) ((0.0,0.0), (0.4,0.6),
P08 ((0304)j ((Oloa] ((0305>](<0000>] ((0204>]
(0.2,0.6), (0.5,0.7), (0.3,0.6),) ((0.0,0.0), (0.5,0.6),
((0.1,0 2)J ((0‘1,0 2)) ((0.2,0 3)} ((0.0,0 0)} ((0.3,0 4)]
(0.4,0.5), (0.2,0.3), (0.4,0.7), (0.0,0.0), (0.4,0.5),
((0.2,04)J ((0‘4,0 5)] ((0.1,0 3)] ((0.0,00)] ((0.3,04)]
(0.5,0.7), (0.5,0.7),

((0203)] ((0203)]

(0.4,0.7), (0.4,0.7),

((0203)] ((0203)]

B (0.7,0.8), (0.7,0.8),

B ((oumj ((Oloz)j

(0.5,0.7), (0.5,0.7),

((0102)] ((oun)j

(0.4,0.7), (0.4,0.7),

((0.1,0 3)] ((o.1,o3)j

(0.5.0.7),
(0.1,0.2)
(0.4,0.7),
(0.1,0.2)
(0.4,0.6),
(0.2,0.3)
(0.4,0.8),
(0.1,0.2)
(0.3,0.5),
(0.2,0.4)

orm) |
orom) |
(305
oron) |
2o |

(0.5.0.7),
(0.1,0.2)
0.4,0.7),
(0.1,0.2)
(0.4,0.6),
(0.2,0.3)
0.4,0.8),
(0.1,0.2)
(0.3,0.5),
(0.2,0.4)

)
)
)
)
)

)
)
,j®
)
)

(
(
(
(
(

ip

(
(
(
(
(

(0.0,0.0),
(0.0,0.0)
(0.0,0.0),
(0.0,0.0)
(0.0,0.0),
(0.0,0.0)
(0.0,0.0),
(0.0,0.0)
(0.0,0.0),
(0.0,0.0)

(
(
(
(
(

(0.0,0.0),
(0.0,0.0)
(0.0,0.0),
(0.0,0.0)
(0.0,0.0),
(0.0,0.0)
(0.0,0.0),
(0.0,0.0)
(0.0,0.0),
(0.0,0.0)

(
(
(
(
(

(0.0,0.0),
(0.0,0.0)

i
j ((0.0,0 0)
i
i

(LD,
(LU} ( j
(1,1, ,
(LU} ( L1 j
(1,1, ,
(LU} ( L1 j
(LD,
(LU} ( j
(0,0,

(0,0) j

(0,0),
(0,0)

(0.0,0.0),
(0.0,0.0)
(0.0,0.0),

(0.0,0.0),
(0.0,0.0)
(0.0,0.0),
(0.0,0.0)

)
i
i
i

\lz/\n'/

(0,0),
(0,0)
(0,0),
(0,0)

oo
E
[(0 0),
E
E

)
)
)
)

(0,0)
(0,0),
(0,0)
(0,0),
(0,0)
(0.5.0.7),

] [(0102)

0.4,0.7),
(0.1,0.2)
(0.4,0.6),
(0.2,0.3)
(0.4,0.8),
(0.1,0.2)
(0.3,0.5),
(0.2,0.4)

Storn)

(LD, (LD, ((0,0),
{, l)j ((lal)j ((00)]
(LD} (LD ((0,0),
a, 1)] ((LU] ((00)]
(LD, (LD, ((0,0),
{, l)j ((lal)j ((00)]
(0,0),) ((0,0),) ((0,0),
(00)j ((00)] ((00)]
(L1),) ((1,1),) ((0,0),
{, 1)] ((1 1)] ((an)]
(0.5,0.7),) ((0.0,0.0),
j ((02030]((0000)
(0.4,0.7),) ((0.0,0.0),
j ((ozos)j ((0000)
(0.7,0.8),) ((0.0,0.0),
j ((0.1,0 2)] ((o.o,o 0)
(0.5,0.7),) ((0.0,0.0),
j ((0.1,0.2)] ((0000)
0.4,0.7),) ((0.0,0.0),
j((O.l,OS)] ((0.0,0 0)

(
(
(
(
(
)
)
)
)
)

(
(
(o
E
(

)
)
)
)
)

(0,0),
(0,0)
(0,0),
(0,0)

0,0),
(0,0)
(0,0),
(0,0)

)
)
)
)
)

(1,1,
(1,1
(1,1,
(1,1
(1,1,
(1,1
(0,0),
(0,0
(1,1,
(1.1

)
)
)
)
)

(1,1,
(1,1
(1,1,
(1,1

(11,
[(Ll)
(1,1,
it

(0,0),
0,0)

)
)
)
)
)

(0,0),
(0,0)
(0,0),
(0,0)
(0,0),
(0,0)
(0,0),
(0,0)
(0,0),

)
)
)
)
)

(0,0)
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Stipiaps)
(0.3,0.5),) ((0.2,0.7),) ((0.0,0.0),) ((0.3,0.6),) ((0.2,0.4), (LD, ((,D,) ((1,1),) ((0,0),) ((0,0),
((0304)] [(0.1,0.3)] ((0.0,0.0)] [(0304)] ((0506)j ((1,1)] [(1,1)] [(1,1)] ((0,0)] ((0,0)]
(0.3,0.7),) ((0.3,0.5),) ((0.0,0.0),) ((0.4,0.8),) ((0.7,0.8), (LD, (1,1} ((1,1),) ((0,0),) ((0,0),
((0203)] [(0.3,0.5)] ((0-0,0.0)] [(0102)] [(0102)j ((1,1)] ((1,1)] ((1,1)] [(0,0)] ((0,0)]
) (0.5,0.7),) ((0.5,0.6),) ((0.0,0.0),) ((0.5,0.6),) ((0.4,0.6), 0,0),) ((0,0),) ((0,0),) ((0,0),) ((0,0),
RA ((0103>] ((0.3,0.4)j [(0.0,0.0>j [(0304>j ((0304>] ® S («)m] [(0,0>] [(0,0)] ((0,0)] ((o,mj
(0.4,0.6),) ((0.4,0.5),) ((0.0,0.0),) ((0.3,0.7),) ((0.3,0.4), (LD, ((,1,) ((1,1),) ((0,0),) ((0,0),
[0209] &ULQMJ thQMJ [OZO%J [040ﬂJ &LD] &LD] &LU] &mm] &mm]
[(0102)] [(0.4,0.6),] [(0.0,0.0),] ((0203)] ((0104)] ((1,1),] ((1,1),] [(1,1),] ((0,0),] ((0,0),]
(0.5,0.7) (0.3,0.4) (0.0,0.0) 0.5,0.6) ) ((0.4,0.5) (1,1) (1,1) (1,1) (0,0) (0,0)

0.3,0.7),) ((0.3,0.7),) ((0.3,0.7),) ((0.0,0.0),) ((0.0,0.0),

((0103)] [(0103)] ((0.1,0 3)] [(0-0,0-0)] ((O-O,O.OJ

0.7,0.8),) ((0.7,0.8),) ((0.7,0.8),) ((0.0,0.0),) ((0.0,0.0),

((0102)] [(0102)] ((0.1,02)] ((0000)] ((0.0,0.0)]

0.5,0.7),) ((0.5,0.7),) ((0.5,0.7),) ((0.0,0.0),) ((0.0,0.0),

- ((0103)] [(0103)] ((0103)] ((0000)] [(0.0,0.0)]

0.4,0.7),) ((0.4,0.7),) ((0.4,0.7),) ((0.0,0.0),) ((0.0,0.0),

((0203)] ((0203)] ((0203)] ((0000)] [(0-0,0-0)]

((0406)] ((0406)] [(0406)] ((0000)] ((0.0,0.0),]

(0.3,0.4)

[Step 6] The sum of the product IVIFSMs is

(0.3,0.5), (0.3,0.5), (0.0,0.0), (0.0,0.0), (0.3,0.5),

[aron] (o70n) (oon ) (ooon
Lovon] oran ) (oann ] (o]
[a20n]) (0305 (oann ) (o]
oron] o7 (oann ) (o]
20w ] (202 (onan ) (o]
[oron] oran ) (oran) (o]
[aron] oran ) (o7an) (o]
[aron] (oron) (7o) (o]
[o2on ] o2an ) (o305 (o]
[ares] (a9 (2as) (o)

[Step 7] The weights of various stages of heart dis-
ease, W(d;),i =1,2,...,5 are calculated as follows:

(0.3,0.4)

(0.4,0.7),

(0.3,0.4)

(0.5.0.7), (0.5.0.7), (0.0,0.0), (0.0,0.0), (0.5.0.7), (0.5,0.7), (0.5,0.7),
(0.1,0.2) (0.1,0.2) (0.0,0.0) [(0 0,0.0) [(0.1,0.2) ] ((0.2,0.3) ] [(0.2,0.3)
(0.4,0.7), (0.4,0.7), (0.0,0.0), (0.0,0.0), (0.4,0.7), (0.4,0.7), (0.4,0.7),
(0.1,0.2) (0.1,0.2) (0.0,0.0) ((0000) ((0.1,0.2)] ((02,0‘3)] [(02,0‘3)
(0.4,0.6), (0.4,0.6), (0.0,0.0), ((0 .0,0.0), [(0.4,0.6),] ® ((07,08),] ((07,08),
(0.2,0.3) (0.2,0.3) (0.0,0.0) (0.0,0.0) (0.2,0.3) (0.1,0.2) (0.1,0.2)
(0.4,0.8), (0.4,0.8), (0.0,0.0), (0.0,0.0), (0.4,0.8), (0.5,0.7), (0.5,0.7),
(0.1,0.2) (0.1,0.2) (0.0,0.0) [(0000) [(0.1,0.2)] ((0.1,0.2)] [(0.170.2)
(0.2,0.4) (0.2,0.4) (0.0,0.0) [(0.0,0.0) [(0.2,0 4)] ((0.1,0 3)] [(0 1,0.3)
(0.3,0.7), (0.3,0.7), (0.3,0.7), (0.0,0.0), (0.0,0.0), (0.5,0.7), (0.5,0.7),
(0.1,0.3) (0.1,0.3) (0.1,0.3) ((0000) ((0000)] ((0102)][(0102)
(0.7,0.8), (0.7,0.8), (0.7,0.8), (0.0,0.0), (0.0,0.0), (0.7,0.8), (0.7,0.8),
(0.1,0.2) (0.1,0.2) (0.1,0.2) ((0000) ((0000)] ((0102)]((0102)
(0.5,0.7), (0.5,0.7), (0.5,0.7), (0.0,0.0), (0.0,0.0), (0.7,0.8), (0.7,0.8),
(0.1,0.3) (0.1,0.3) (0.1,0.3) ((0000) ((0000)]:((0102)][(0102)
(0.4,0.7), (0.4,0.7), (0.4,0.7), (0.0,0.0), (0.0,0.0), (0.5,0.8), (0.5,0.8),
(0.2,0.3) (0.2,0.3) (0.2,0.3) ((0000) ((0000)] ((0102)][0102)
(0.4,0.6), (0.4,0.6), (0.4,0.6), (0.0,0.0), (0.0,0.0), (0.4,0.7), (0.4,0.7),
(0.3,0.4) (0.3,0.4) (0.3,0.4) ((0.0,0.0) ((0.0,0.0)] ((0.1,0.3)] ((0 1,0.3)

(0.4,0.7),

J
J
J
J
J

)
J
I
J
i

0.540.5+0.3+0.5+0.5,
0.740.7+0.7+0.7+0.7],
0.14+0.14+0.14+0.240.1,
0.240.240.3+0.3+0.2]

W(d)=

|

2.3,3.5],
0.6,1.2]

(0.0,0.0),
(0.0,0.0)
(0.0,0.0),
(0.0,0.0)
(0.0,0.0)
(0.0,0.0)
(0.0,0.0),
(0.0,0.0)
(0.0,0.0),
(0.0,0.0)
0.3,0.7),
(0.1,0.3)
0.7,0.8),
0.1,0.2)
0.5,0.7),
(0.1,0.3)
(0.4,0.7),
0.2,0.3)
(0.4,0.6),
(0.3,0.4)

(0.0,0.0)

(0.5,0.7),
(0.2,0.3)
(0.4,0.7),
(0.2,0.3)
(0.7,0.8),
(0.1,0.2)
(0.5,0.7),
(0.1,0.2)
(0.4,0.7),
(0.1,0.3)
(0.5,0.7),
[(0 2,0.3)
(0.4,0.7),
[(0 2,0.3)
[(0 .7,0.8),

(0.1,0.2)

Loz
[
[

)
)
)
I
J

(0.5,0.7),

(0.1,0.2)
(0.4,0.7),
0.1,0.3)

)
)
)
)
I (@563
I azes)
sy
) (eram) [
Jaren) |

|

(
[
(
[
[

[
(
[

(0.0,0.0),
(0.0,0.0)
(0.0,0.0),
(0.0,0.0)
(0.0,0.0),
(0.0,0.0)
(0.0,0.0),
(0.0,0.0)
(0.0,0.0),
(0.0,0.0)
0.5,0.7),
0.1,0.2)
(0.4,0.7),
(0.1,0.2)
(0.4,0.6),
(0.2,0.3)
(0.4,0.8),
(0.1,0.2)
(0.3,0.5),
(0.2,0.4)

)
)
)
)
)
)
)
)
)
)
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Similarly,

[ 129,45, [ 30,37,
v oot | o] aera |
wao=| gt | wen=| a7 |

[Step 8] Scores of various stages of heart disease
are computed and given below.

s~ (oasne ) (omeny ) (

[ (032,0.54) (0.46,0.62)
(P28 D]ixs = K (0.24,0.38) ) < (0.22,0.32)

. (0.32,0.54) (0.36,0.58)
[P3i: Dlis = K (0.26,0.4) ) ( (0.26,0.4)

S(cF(pyy) = 0.68 and S(cFy,,}) = 0.42.

(di)={(23-06)+(35-12)}/2=2

() ={(29-0.6)+ (45— 1.1)}/2=2.85
S(d3) ={(3.0-0.6) +(3.7—-1.2)}/2 =245
(ds) ={(23-0.6)+(3.8—1.1)}/2=2.2
(ds)={(1.9-0.8)+(32—1.7)}/2=13

[Step 9] Since score of d; is maximum, the patient
under consideration belongs to Stage ‘II’, i.e., initial
stage of heart disease as per the collective opinions
of the group of experts.

Case 2: It uses normalized IVIFSMs.

[Step 2]: Cardinal matrix of each IVIFSM and the
corresponding cardinal score are given below.

Cardinal matrix [pi(i, j)], s for IFSM [pi(i, j)] is
(as shown in Example 8)

(0.32,0.52) (0.3,0.56) (0,0)
(0.26,0.42) (0.24,0.38) (0,0)
and the corresponding cardinal score isS (cl?{ ny) =

0.43.

Similarly, cardinal matrices for [pa(i,j)] and
[p3(i,j)]and the corresponding cardinal scores are
respectively,

) (205 ) (00 ((aos))

) (900 (Gakos ) ((030s))]
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[Step 3]: The normalized IVIFMSs are given be-
low.

N[FSM [pl(i’ ])] =[0.43 * p1(i’ j)]SxS

(0.13.0.30),) ((0.13,0.17),
(0.04,0.09) | | (0.17,0.22)

(0.17,0.22),) ((0.13,0.30),
(0.13,0.22) ) |(0.09,0.13)

(0.13,0.29),) ((0.17,0.26),
(0.13,0.17) ) | (0.09,0.13)
(0.17,0.34),) ((0.09,0.22),
(0.04,0.09) | | (0.13,0.17)
N s [P, (0, )1 =10.68%* p, (i, j)]s.s
(0.20,0.34),) ((0.34,0.41),
[(0.20,0.27) ] [(0.20,0.27) ]

(0.09,0.17)

(0.04,0.13)

(0.09,0.17)

(0.13,0.17)

(
( (
( (
( (
( ((0-22,0.26>

(0.14,0.34),
(0.20,0.27)
(0.20,0.34),
(0.14,0.20)
(0.14,0.27)
(0.20,0.34)
(0.20,0.41)
(0.14,0.20)
(0.27,0.48)
(0.07,0.20)

(0.13,0.22), (0.09,0.13),
(0.09,0.17) (0.17,0.30)
(0.27,0.34), (0.27,0.48),
(0.20,0.34) (0.14,0.20)
(0.20,0.41), (0.48,0.54),
(0.20,0.27) ] [(0.07,0.14) j
(0.14,0.41), (0.34,0.48),
(0.07,0.14) ] [(0.07,0.14) j
(0.27,0.34), (0.14,0.20),
(0.14,0.27) ] [(0.27,0.34) j
N e [P (6 1)1 =10.42% ps(i, /)]s

(
( (
( (
( (
( (

(0.13,0.21),) ((0.08,0.29),) ((0.0,0.0),
((0.13,0.17) ] {(0.04,0.13) j [(0.0,0.0) j
(0.13,0.29),) ((0.13,0.21),) ((0.0,0.0),
[(0.08,0.13) ] [(0.13,0.21) ] [(0.0,0.0) ]
(0.21,0.29),) ((0.21,0.25),) ((0.0,0.0),
- [(0.04,0.13)] [(0.13,0.17)} ((0.0,0.0)]
[(0.17,0.25),] [(0.17,0.21),] [(0.0,0.0),]
(0.08,0.13) J 1(0.13,0.17) ) |(0.0,0.0)
[(0.04,0.08),] [(0.17,0.25),] [(0.0,0.0),]

(0.21,0.29) J ((0.13,0.17) ) 1(0.0,0.0)

(0.22,0.26),

(0.13,0.26),

(0.17,0.26),

(0.09,0.22),

(0.09,0.13),

)
)

il
)
i

[
[

(

[
[

(0.22,0.26),
(0.09,0.17)
(0.13,0.30),
(0.04,0.09)
(0.17,0.26),
(0.09,0.17)
(0.09,0.22),
(0.13,0.17)
(0.13,0.17),
(0.17,0.22)

(
(
(
(
(

(0.0,0.0),
[(0.0,0.0)

(0.0,0.0),
[(0.0,0.0) ]
(0.0,0.0),
(0.0,0.0) ]
(0.0,0.0),
(0.0,0.0) ]
(0.0,0.0),
(0.0,0.0) ]
(0.13,0.25),
(0.13,0.17)

(0.17,0.34),
(0.04,0.08)

)
)

(0.21,0.25),
(0.13,0.17)

(0.13,0.29),
(0.08,0.13)

(0.08,0.13),
(0.21,0.25)

)
J
J
J
I

(
(

(
(

)
J

(0.0,0.0),
j [(0.0,0.0)
(0.0,0.0),
(0.0,0.0)
(0.0,0.0),
(0.0,0.0)
(0.0,0.0),
(0.0,0.0)
(0.0,0.0),
(0.0,0.0)

)
)

)|
)
J

(0.08,0.17),
(0.21,0.25)
(0.29,0.34),
(0.04,0.08)
(0.17,0.25),
(0.13,0.17)
(0.13,0.17),
(0.17,0.21)
(0.04,0.17),
(0.17,0.21)

)
)
1|
)

(0.34,0.48),
(0.14,0.20)
(0.27,0.34),
(0.20,0.27)
(0.27,0.41),
(0.14,0.27)
(0.34,0.41),
(0.20,0.27)
(0.27,0.34),
(0.20,0.27)

021039
[oarom |
oo |

)
)
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[Step 4]: Combined choice matrices for

expertspy,p2, andps are computed as in Case 1.

[Step 5]: Now the corresponding product of nor-
malized IVIFSM and combined choice matrices are

as follows.

N s A0 (5 )}

N s A0, (@, 5)}

(0.13.0.30),
(0.04,0.09)
(0.17,0.22),
(0.13,0.22)
(0.13,0.29)
(0.13,0.17)
(0.17,0.34),
(0.04,0.09)
(0.13,0.22),

(
(
(
(
(

(0.20,0.41),
(0.20,0.27)
(0.14,0.41),
(0.07,0.14)
(0.27,0.34),
(0.14,0.27)

(
(
(
(
(

)
)
)
)
J

(0.13,0.17),
(0.17,0.22)
(0.13,0.30),
(0.09,0.13)
(0.17,0.26)
(0.09,0.13)
(0.09,0.22),
(0.13,0.17)
(0.09,0.13),

(0.07,0.14)

(0.07,0.14)

)
)
)
)
I

(0.27,0.34)

)
)
)
)
)

(0.48,0.54),
(0.34,0.48),

(0.14,0.20),

(0.22,0.26),
(0.09,0.17)
(0.13,0.26),
(0.04,0.13)
(0.17,0.26),
(0.09,0.17)
(0.09,0.22),
(0.13,0.17)
(0.09,0.13),

(
(
(
(
(

(0.13,0.22)
(0.09,0.17)

)
)
)
)
)
)
)
)
)
)

(0.14,0.27),
(0.20,0.34)
(0.20,0.41),
(0.14,0.20)
(0.27,0.48),
(0.07,0.20)
(0.34,0.48)
((0.14,0‘20)
(0.27,0.48)
(0.14,0.20)
(0.48,0.54)
(0.07,0.14)
(0.34,0.48)
(0.07,0.14)
(0.27,0.48)
(0.07,0.20)

J 02
J o)
J o050
J o)
J o)

|
i
|
|

)
)
)
)
)

(

(0.09,0.17) ) 1(0.17,0.30) ) | (0.22,0.26) ) |(0.17,0.22)
(0.22.0.30)) ((0.22.0.30)
((0.04,0.09) ((0.04,0A09)J [
(0.17,0.30)) ((0.17,0.30)
((0.04,0.09) ((0.04,0A09)J [
(0.17,0.29)) ((0.17,0.29)
- ((0.09,0.13) ((0.09,0.13)J (
(0.17,0.34)) ((0.17,0.34)
((0.04,0.09) ((0.04,0.09)J (

(
(
(
(

(
E
(
(
(
(
(
(

(0.22,0.26),
(0.09,0.17)
(0.13,0.30),
(0.04,0.09)
(0.17,0.26),
(0.09,0.17)
(0.09,0.22),
(0.13,0.17)
(0.13,0.17),

)
)
)
)
)

(0.13,0.22)
(0.09,0.17)

(0.20,0.34),) ((0.34,0.41),) ((0.14,0.34),) ((0.0,0.0),) ((0.34,0.48),
(0.20,0.27) } 1 (0.20,0.27) ) |(0.20,0.27) [(0 0,0.0) [(o 14,0.20)
(0.27,0.34),) ((0.27,0.48),) ((0.20,0.34),) ((0.0,0.0).) ((0.27,0.34),
(0.20,0.34) ) | (0.14,0.20) ) |(0.14,0.20) [(0.0,0 0) [(0.20,0.27)

(0.0,0.0),
(0.0,0.0)
(0.0,0.0),
(0.0,0.0)
(0.0,0.0)
(0.0,0.0)

(

(0.34,0.48)
(0.14,0.20)
(0.27,0.48)
(0.14,0.20)
(0.48,0.54)
(0.07,0.14)
(0.34,0.48)
(0.07,0.14)
(0.27,0.48)
(0.07,0.20)

(
)
)
)
)
)

(0.27,0.41),
(0.14,0.27)
(0.34,0.41),
(0.20,0.27)
(0.27,0.34),
(0.20,0.27)

(
(
(
(
E

(0.0,0.0)
(0.0,0.0)
(0.0,0.0)
(0.0,0.0)
(0.0,0.0)
(0.0,0.0)
(0.0,0.0)
(0.0,0.0)
(0.0,0.0)
(0.0,0.0)

(0.0,0.0)

(0.0,0.0)
(0.0,0.0)
(0.0,0.0)

(0.0,0.0)

(0.0,0.0)

(0.0,0.0)
(0.0,0.0)
(0.0,0.0)
(0.0,0.0)
(0.0,0.0)
(0.0,0.0)
(0.0,0.0)
(0.0,0.0)
(0.0,0.0)
(0.0,0.0)

(
(
(
(
(

(0.0,0.0),J
(00,0.0),}

J ®
(0.0,0.0),J

(0.0,0.0),

)
)
)
)
)
)
)
)
)
)

J
J
I
I
J

E
(

Stp

(0.0,0.0)
(0.0,0.0)
(0.0,0.0)
(0.0,0.0)
(0.0,0.0)
(0.0,0.0)
(0.0,0.0)
(0.0,0.0)
(0.0,0.0)
(0.0,0.0)

)
)
)
)

&,

(
(
(
(
(

(0.34,0.48)) ((0.0,0.0)
(0.14,0.20) ) | (0.0,0.0)
(0.27,0.48)) ((0.0,0.0)

(
(
(o
(
(
)

[(0.14,0.20) (0.0,0.0)
(0.48,0.54) ((0.0,0.0)
[(0‘07,0‘ 14)} (0.0,0. O)J
(0.34,0.48) ((0.0,0.0)
(0.07,0.14) ((0‘0,0‘0)]

(0.27,0.48)
(0.07,0.20)

{p2Aps}

(1,1,
(1,1
((1 o1

(LD,
(1,1)
(11,
(1,1)

(1,1),
(11)
0,0),
(0,0)

(
(

(
(
(

J )
J ) {
Jaw) [
J ) {
I

(L)
(LD),
(L)
(LD),
(o
0,0),
J ((0 0)
(0.22.0.30)

(0.04,0.09)J
(0.17,0.30)

(0.04,0.09)J
(0.17,0.29)

(0.09,013)}
(0.17,0.34)

(0.04,0.09)J
(0.13,0.22)

(0.09,0.17)J

{mAps}

(1),
((1 1)
1,
[
(0,0,
((o 0)

1,
((1 1),

(1,1),
(1,1
(1,1,
(1,1
(1,1),
(1,1
(0,0),
0,0)
(1,1),
(1,1

|
i
) |

|
an) |

)

)
)
)
)
)
(
[000)
(

(0.0,0.0)
(0.0,0.0)

)
J [so0o)

(0,0),
0,0)

(0,0,
(O,O)J (
(0,0,
(0,0)J (
(0,0,
(0,0)J (
(0,0,
(O,O)J (

0,0),
(0,0)

(0,0),
0,0)
(0,0),
(0,0)
(0,0),
0,0)
(0,0),
0,0)

il
]
]
I
)

(

(1,1,
(1,1

(0,0,
0,0)
(0,0),
0,0)
(0,0),
(0,0)
(0,0),
(0,0)
0,0,
(0,0)

]
il
]
il
)

(1,1),
(1,1
(1,1),
(1,1
(1,1,
(1,1
(0,0),
(0,0)

]
]
]
I
)

(

0,0,
0,0)

(1D,
(1,1
(LD,
(1,1
(LD,
(L,1)
(LD,
(1,1
(0,0),
(0,0)

)
)
)
)
)

(0,0),
(0,0)
(0,0),
(0,0)
(0,0),
(0,0)
(0,0),
(0,0)

)
)
)
)
)
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s{m/\pz
(0.13,0.21),) ((0.08,0.29),) ((0.0,0.0),) ((0.13,0.25),) ((0.08,0.17), (LD} ((1,D,) ((1,1),) ((0,0),) ((0,0),
((0.13,0.17)j [(0.04,0.13>j [(0.0,0.0>j [(0.13,0.17)j [(0.210.25)j ((Ll)j ((1 1)) ((LDJ («xmj [(o,OJ
(0.13,0.29),) ((0.13,0.21),) ((0.0,0.0),) ((0.17,0.34),) ((0.29,0.34), (LD),) ((1,D,) ((1,1),) (0,0, ((0,0),
[(0.08,0.13)) ((0.13,0.21)] ((0.0,0.0)] [(0.040.08)J [(0.040.08)) ((1,1)) ((1 1)) ((1,1)) [(0,0)) [(0,0))
Ny (paiD)} [(0.21,0.29),] ((0.21,0.25),] ((0.0,0.0),J [(O 21025)] ((017025)] s ((0,0)) [(0 0)) ((0,0),j ((0,0),) [(0,0),)
[ESMATS (0.04,0.13) } 1(0.13,0.17) ) (0.0,0.0) ) |(0.13,0.17) } | (0.13,0.17) #310,00 ) 10,00 ) (0,0 ) 0,0 ) (0,0
(0.17,0.25),) ((0.17,0.21),) ((0.0,0.0),) ((0.13,0.29),) ((0.13,0.17), (LD} ((1,D,) ((1,1),) (0,0, ((0,0),
((0.08,013)J ((o.lz,o.mj [(o.o,o.mj [(0.08,0.13)J [(0.17,0.21)j ((Ll)j ((1 1)) ((LDJ [«xmj [(o,mj
(0.04,0.08),) ((0.17,0.25),) ((0.0,0.0),) ((0.08,0.13),) ((0.04,0.17), (LD} ((1,D,) ((1,1),) ((0,0),) ((0,0),
((0.21,0.29)) ((0.13,0.17)) [(0.0,0.0)) [(0.21,0.25)) [(0.17,0.21)) ((1,1)) ((1 1)) ((1,1)) [(0,0)) ((0,0))
(0.13,0.29)) ((0.13,0.29)) ((0.13,0.29)) ((0.0,0.0)) ((0.0,0.0)
[(0.04,0.13)) [(0.04,0.13)) [(0.04,0.13)) [(0.0,0.0)) [(0000)}
(0.29,0.34)) ((0.29,0.34)) ((0.29,0.34)) ((0.0,0.0)) ((0.0,0.0)
((0.04,0.08)) ((0.04,0.08)) [(0.04,0.08)) [(0.0,0.0)) [(0000)}
(0.21,0.29) (0.21,0.29) (0.21,0.29) (0.0,0.0) (0.0,0.0)
- ((0.04,0.13)} [(004,0.13)} ((0.04,013)} [(0.0,0.0)j [(OOOOJ
0.17,0.29)) ((0.17,0.29)) ((0.17,0.29)) ((0.0,0.0)) ((0.0,0.0)
((0.08,0.13)) [(0.08,0.13)) [(0.08,0.13)) [(0.0,0.0)) [(0.0,0.0))
0.17,0.25)) ((0.17,0.25)) ((0.17,0.25)) ((0.0,0.0)) ((0.0,0.0)
[(0.13,0.17)) [(0.13,0.17)j [(0.13,0.17)j [(0.0,0.0)) [(0.0,0.0)}
[Step 6] The sum of these product IVIFSMs is
((0422.0.30)] ((0.22.0.30)] ((0.0,0.0)] ((0.0,0.0)] ((0 22030)] [(034,048)] ((034,0‘48)] ((00,00)] [(0434,048)] ((00,00)]
(0.04,0.09) ) 1(0.04,0.09)) ((0.0,0.0)) ((0.0,0.0)) {(0.04,0.09) (0.14,0.20) ) {(0.14,0.20) ) 1(0.0,0.0)) ((0.14,0.20)) | (0.0,0.0)
((0417,0.30)] ((0.17,0.30)] ((0.0,00)] ((0.0,0.0)] ((0.17,0.30)] ((027,0‘48)} ((027,0‘48)} ((00,00)] ((027,0,48)] ((vo,oAO)j
(0.04,0.09) ) 1(0.04,0.09)) ((0.0,0.0)) 1(0.0,0.0)) |(0.04,0.09) (0.14,0.20) ) {(0.14,0.20) ) 1(0.0,0.0)) ((0.14,0.20)) ((0.0,0.0)
((0.17,0.29)} ((0.17,0.29)] ((0.0,0.0)] ((0.0,0.0)] ((0.17,0.29)] ((0448,054)} ((048,0.54)} ((0.0,0.0)] ((0.48,0.54)] ((0.0,0.0)] ®
(0.09,0.13) ) ((0.09,0.13)) 1(0.0,0.0) ) |(0.0,0.0)) ((0.09,0.13) (0.07,0.14) ) {(0.07,0.14) ) 1(0.0,0.0) ) ((0.07,0.14)) ((0.0,0.0)
((0.17,0.34)] ((017,0‘34)] ((vo,oAO)J ((0.0,0.0)} ((0.17,0.34)] ((034,0.48)} ((0.34,0.48)] ((0.0,0.0)] ((0434,0.48)] ((0.0,0.0)]
(0.04,0.09) ) 1(0.04,0.09)) ((0.0,0.0)) |(0.0,0.0)) {(0.04,0.09) (0.07,0.14) ) {(0.07,0.14) ) 1(0.0,0.0) ) {(0.07,0.14)) {(0.0,0.0)
((0.13,022)] ((013,0‘22)] [(00,00)] [(vo,oAO)] [(013,0‘22)] ((027,0.48)} ((0.27,0.48)] ((0.0,0.0)] ((0.27,0.48)] ((0,0,0.0)]
0.09,0.17) ) 1(0.09,0.17) ) ((0.0,0.0)) | (0.0,0.0)) ((0.09,0.17) (0.07,0.20) ) {(0.07,0.20) ) |(0.0,0.0) ) {(0.07,0.20)) {(0.0,0.0)
((013,0.29)} ((0.13,0.29)] ((0.13,0.29)] ((0.0,0.0)] ((040,0.0)] [(0.34,0.48)] ((034,0‘48),] ((043,0‘29)} ((034,0.48)} ((0.22,0.30)]
(0.04,0.13) ) 1(0.04,0.13) ) ((0.04,0.13)) ((0.0,0.0)) (0.0,0.0) (0.04,0.09) ) | (0.04,0.09) )| (0.04,0.13) ) | (0.14,0.20) ) | (0.04,0.09)
((029,0.34)} ((0.29,0.34)] ((0,29,0.34)] ((0.0,0.0)] ((0.0,0.0)] ((029,0.48)} ((0.29,0.48)] ((0.29,0.34)] ((0.27,0448)] ((0.17,0.30)}
(0.04,0.08) ) 1(0.04,0.08)) ((0.04,0.08)) ((0.0,0.0)) ((0.0,0.0) (0.04,0.08) ) | (0.04,0.08) ) {(0.04,0.08) ) { (0.14,0.20) ) | (0.04,0.09)
((0,21,0.29)] ((0.21,0.29)] ((0.21,0.29)] ((0.0,0.0)} ((0.0,0.0)] B ((048,0.54)} ((0.48,0.54)] ((0.21,0.29)] ((0.48,0454),] ((0.17,0.29))
(0.04,0.13) ) 1(0.04,0.13) ) ((0.04,0.13)) ((0.0,0.0)) ((0.0,0.0) (0.04,0.13) ) { (0.04,0.13) ) ((0.04,0.13) ) | (0.07,0.14) )| (0.09,0.13) ) |’
((0.17,0.29)} ((0.17,0.29)} ((0.17,0.29)] ((0.0,0.0)] ((0.0,0.0)] ((034,0.48)} ((0.34,0.48)} ((0417,0.29)] ((0.34,0.48)] ((0.17,0.34)]
(0.08,0.13) ) {(0.08,0.13) ) ((0.08,0.13)) ((0.0,0.0)) |(0.0,0.0) (0.04,0.09) ) 1(0.04,0.09) ) {(0.08,0.13) ) | (0.07,0.14) ) | (0.04,0.09)
((0.17,0.25)] [(0.17,0.25)] ((0.17,0.25)] ((0.0,0.0)] ((0.0,0.0)] ((027,0.48)} ((0.27,0.48)] ((0.17,0.25)] ((0.27,048)} ((0413,0.22))
(0.13,0.17) ) {(0.13,0.17) ) ((0.13,0.17)) ((0.0,0.0) ) |(0.0,0.0) 0.07,0.17) ) {(0.07,0.17) ) (0.13,0.17) ) | (0.07,0.20) ) { (0.09,0.17)
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[Step 7] Now the weights of various stages of heart
disease W(d;),i = 1,2,...,5 are calculated as fol-
lows:

0.344-0.3440.1340.34 4 0.22,
0.48+0.48 +0.29 +0.48 +0.30],

Widi)= 0.0440.0440.04+0.14+0.04, | —
0.094+0.09 +0.13 +0.20 + 0.09]
[ [1.37,2.03],
~ | [0.3,0.6]
Similarly,
[ [1.31,2.08],
Widz) = | [0.3,053) |°
[ [1.82,2.2],
Wids) = | [0.28,0.66] |’
[ [1.36,2.07],
Wids) = | [0.27,0.54] |°
[ e, o],
Wids) = | [0.43,0.88] |

[Step 8] Scores of various stages of heart disease
are computed as follows:

S(di) = {(1.37—-0.3)+ (2.03 - 0.6)} /2 = 1.25
S(dy) = {(1.31 = 0.3) + (2.08 —0.53)} /2 = 1.28
S(d3) = {(1.82—0.28) + (2.2 — 0.66) } /2 = 1.54
S(ds) = {(1.36 —0.27) + (2.07 — 0.54) } /2 = 1.31
S(ds) = {(1.11 —0.43) + (1.91 — 0.88)} /2 = 0.86

[Step 9] Since score of d3 is maximum, the patient
under consideration belongs to Stage ‘III” as per the
collective opinions of the group of experts.

7 Discussion of Results

This study proposes a decision making method-
ology under interval-valued intuitionistic fuzzy en-
vironment, where a confident weight is assigned to
each of the experts based on prescribed opinion.
The confident weight for each expert is computed
by deriving the cardinal score of their correspond-
ing IVIFSSs. The opinion of an expert with more
cardinal score is more important than others and
consequently the opinion of that expert contributes
a vital role in decision making process. When an
expert is more confident about her opinion, more
cardinal score is assigned to that expert. Due to

lack of information or limited domain knowledge,
experts often prefer to express their opinions only
for a subset of attributes instead of the entire at-
tribute set. In that case, cardinal score will be more
when an expert provides opinion about more num-
ber of attributes and less when she provides opinion
about less number of attributes. This is very much
similar to our real life situations. This also removes
the biasness and adds more credibility to the final
decision. Our algorithm does not use any medical
knowledgebase, so it does not depend on the cor-
rectness of the knowledgebase. We give more im-
portance on the parameter selection of experts by
finding initial choice matrices and then combined
choice matrix. We rely on experts’ opinions and
then investigate the collective opinion by a system-
atic procedure based on cardinal matrix. As our
approach is guided by a confident weight assign-
ing mechanism, so chances of biasing is less in our
model. Among two cases, Case 1 does not use the
confident weight, while Case 2 uses it. As per col-
lective opinion of a group of experts, the ordering of
the diseases, i.e., stages of heart disease is given be-
low in Table 6. The result shows different ordering
in second case as we have considered the experts’
confident weights. Case I produces the final out-
come as d», i.e., stage ‘I’ of heart disease and Case
II produces ds, i.e., stage ‘III’ of heart disease as per
the collective opinion.

Table 6. Ordering of diseases in different cases

Case | dy > d3 > dy >
I dy > ds
Case | d3s > dy > dr >
II dy > ds

8 Conclusion

This article has proposed an algorithmic ap-
proach for multiple attribute group decision making
using IVIFSM based on confident weight assigning
mechanism of experts. Firstly, we have presented
IVIFSM and some of its relevant operations. Next
we have proposed the confident weight assigning
mechanism of experts using cardinal score in the
context of interval-valued intuitionistic fuzzy en-
vironment. Our proposed algorithm is based on
combined choice matrix, product IVIFSM, cardi-
nal matrix, score function, and accuracy function,
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which yields the collective opinion of a group of
decision makers. Another important aspect of this
study is that we have not used the concept of medi-
cal knowledgebase in our decision making process.
The case study is related with medical diagnosis,
where we have used opinions of a group of experts
about a common set of symptoms. IVIFSM has
been used to represent the opinions. We have per-
formed a comparative analysis in the case study to
demonstrate the effectiveness of using weight as-
signing procedure. Future scope of this research
work might be to investigate the application of ro-
bustness in MAGDM in the framework of IVIFSS.
Also researchers might focus on various properties
of interval-valued intuitionistic fuzzy soft matrix
and then apply them to suitable uncertain decision
making problems.

References

[1] D. Molodtsov, Soft set theory — first results, Com-
put. Math. Appl. vol. 37, no. (4-5), pp. 19-31,
1999

[2] S.R.S. Varadhan, Probability Theory, American
Mathematical Society, 2001

[3] L. A. Zadeh, Fuzzy sets, Information and Control,
vol. 8, pp. 338-353, 1965

[4] Z. Pawlak, Rough sets, International Journal of
Computer Science, vol. 11, pp. 341-356, 1982

[5] S. Kar, S. Das, P. K. Ghosh, Applications of neuro
fuzzy systems: A brief review and future outline,
Applied Soft Computing Journal, vol. 15, pp. 243-
259, 2014

[6] N. Cagman, S. Enginoglu, Soft matrix theory and
its decision making, Computers and Mathematics
with Applications, vol. 59, no. 10, pp. 3308-3314,
2010

[7] N. Cagman, S. Enginoglu, Soft set theory and uni—
int decision making, European Journal of Opera-
tional Research, vol. 207, no. 2, pp. 848-855, 2010

[8] F. Feng, Y. B. Jun, X. Liu, L. Li, An adjustable
approach to fuzzy soft set based decision making,
Journal of Computational and Applied Mathemat-
ics, vol. 234, no. 1, pp. 10-20, 2010

[9] Jiang, Y. Tang, Q. Chen, An adjustable approach
to intuitionistic fuzzy soft sets based decision mak-
ing, Applied Mathematical Modelling, vol. 35, no.
2, pp- 824-836, 2011

[10] Z. Kong, L. Gao, L. Wang, Comment on A fuzzy
soft set theoretic approach to decision making
problems, Journal of Computational and Applied
Mathematics, vol. 223, no. 2, pp. 540-542, 2009

[11] P. K. Maji, A. R. Roy, R. Biswas, An application
of soft sets in a decision making problem, Com-
puters and Mathematics with Applications, vol. 44,
no. (8-9), pp. 1077-1083, 2002

[12] A. R. Roy, P. K. Maji, A fuzzy soft set theoretic
approach to decision making problems, Journal of
Computational and Applied Mathematics, vol. 203,
no. 2, pp. 412-418, 2007

[13] Y. Zou, Z. Xiao, Data analysis approaches of soft
sets under incomplete information, Knowledge-
Based Systems, vol. 21, no. 8, pp. 941-945, 2008

[14] Z. Xiao, K. Gong, Y. Zou, A combined forecasting
approach based on fuzzy soft sets, Journal of Com-
putational and Applied Mathematics, vol. 228, no.
1, pp. 326-333, 2009

[15] J. Kalayathankal and G. S. Singh, A fuzzy soft
flood alarm model, Mathematics and Computers in
Simulation, vol. 80, no. 5, pp. 887-893, 2010

[16] D. V. Kovkov, V. M. Kolbanov, D. A. Molodtsov,
Soft sets theory-based optimization, Journal of
Computer and Systems Sciences International, vol.
46, no. 6, pp. 872-880, 2007

[17] M. M. Mushrif, S. Sengupta, A. K. Ray, Texture
classification using a novel, soft set theory based
classification algorithm, in P. J. Narayanan, S. K.
Nayar, H. Y. Shum (Eds.), Proceedings of the 7th
Asian Conference on Computer Vision, 2006, Lec-
ture Notes in Computer Science, vol. 3851, pp.
246-254

[18] P. K. Maji, R. Biswas, A. R. Roy, Soft sets theory,
Comput. Math. Appl., vol. 45, pp. 555-562, 2003

[19] P. K. Maji, R. Biswas, A. R. Roy, Fuzzy soft sets,
J. Fuzzy Math., vol. 9, no. 3, pp. 589-602, 2001

[20] X. B. Yang, T. Y. Lin, J. Y. Yang, Y. Li, D. Y. Yu,
Combination of interval-valued fuzzy set and soft
set, Comput. Math. Appl., vol. 58, pp. 521-527,
2009

[21] P. K. Maji, More on intuitionistic fuzzy soft sets, in
H. Sakai, M. K. Chakraborty, A. E. Hassanien, D.
Slezak, W. Zhu (Eds.), Proceedings of the 12th In-
ternational Conference on Rough Sets, Fuzzy Sets,
Data Mining and Granular Computing (RSFDGrC
2009), Lecture Notes in Computer Science, vol.
5908, pp. 231-240

[22] PK. Maji, R. Biswas, A.R. Roy, Intuitionistic
fuzzy soft sets, Journal of Fuzzy Mathematics vol.
9, no. 3, pp. 677-692, 2001



MAXIMISING ACCURACY AND EFFICIENCY OF...

77

(23]

[24]

[25]

[26]

[27]

(28]

(29]

(30]

PK. Maji, A.R. Roy, R. Biswas, On intuitionistic
fuzzy soft sets, Journal of Fuzzy Mathematics, vol.
12, no. 3, pp. 669-683, 2004

P.K. Maji, An application of intuitionistic fuzzy
soft sets in a decision making problem, in IEEE
International Conference on Progress in Informat-
ics and Computing (PIC), vol. 1, December 1012,
2010, pp. 349-351

K. Atanassov, Intuitionistic fuzzy sets, Fuzzy Sets
and Systems, vol. 20, pp. 87- 96, 1986

Y. Jiang, Y. Tang, Q. Chen, H. Liu, J. Tang,
Interval-valued intuitionistic fuzzy soft sets and
their properties, Comput. Math. Appl., vol. 60, pp.
906-918, 2010

F. Feng, Y. Li, V. Leoreanu-Fotea, Application of
level soft sets in decision making based on interval-
valued fuzzy soft sets, Comput. Math. Appl., vol.
60, pp. 1756-1767, 2010

H. Qin, X. Ma, T. Herawan, J. M. Zain, An ad-
justable approach to interval-valued intuitionistic
fuzzy soft sets based decision making, in N. T.
Nguyen, C. G. Kim, and A. Janiak (Eds.), Proceed-
ings of ACIIDS, 2011, LNAI, vol. 6592, pp. 80-89,
Springer-Verlag Berlin Heidelberg

Z. Zhang, C. Wang, D. Tian, K. Li, A novel ap-
proach to interval-valued intuitionistic fuzzy soft
set based decision making, Applied Mathematical
Modelling, vol. 38, no. 4, pp. 1255-1270, 2014

J. Mao, D. Yao, C. Wang, Group decision making
methods based on intuitionistic fuzzy soft matri-
ces, Applied Mathematical Modelling, vol. 37, pp.
6425-6436, 2013

(31]

(32]

[33]

[34]

[35]

[36]

S. Das, S. Kar, Group decision mak-
ing in medical system: An intuitionis-
tic fuzzy soft set approach, Applied Soft
Computing, vol. 24. pp. 196-211, 2014,
http://dx.doi.org/10.1016/j.asoc.2014.06.050

S. Das, M. B. Kar, T. Pal, S. Kar, Multiple Attribute
Group Decision Making using Interval-Valued In-
tuitionistic Fuzzy Soft Matrix, Proc. of IEEE In-
ternational Conference on Fuzzy Systems (FUZZ-
IEEE), Beijing, July 6-11, 2014, pp. 2222 — 2229,
doi: 10.1109/FUZZ-1EEE.2014.6891687

S. Das, M. B. Kar, S. Kar, Group Multi Criteria
Decision Making using Intuitionistic Multi Fuzzy
Sets, Journal of Uncertainty Analysis and Applica-
tions, 1:10, 2013, doi:10.1186/2195-5468-1-10

S. Das, S. Kar, Intuitionistic Multi Fuzzy Soft
Set and its Application in Decision Making, in P.
Maji et al. (Eds.), Proceedings of Fifth Interna-
tional Conference on Pattern Recognition and Ma-
chine Intelligence (PReMI), 2013, Lecture Notes
in Computer Science, vol. 8251, pp. 587-592

S. Das, S. Kar, The Hesitant Fuzzy Soft Set and
its Application in Decision Making, in Proceedings
of International Conference on Facets of Uncer-
tainties and Applications (ICFUA), 2013, Lecture
Notes in Computer Science, Springer, unpublished

S. Chen, J. Tan, Handling multi criteria fuzzy
decision-making problems based on vague set the-
ory, Fuzzy Sets and Systems, vol. 67, no.2, pp. 163-
172, 1994



